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Design and implementation of medical diagnostic
expert system based on fuzzy evidential reasoning
LI Fanruo, LI Zhong
(Institute of Disaster Prevention, Sanhe Heibei 065201, China)

[ Abstract] With the continuous development of artificial intelligence technology, the scope involved is also expanding. As an
important part of artificial intelligence, expert system is increasingly applied in medical diagnosis. This paper introduces the design
and implementation of a medical diagnostic expert system based on fuzzy evidential reasoning. This system uses python and MySql
as the development tool and C/S architecture. Taking the patient s symptoms as the condition and using the existing medical
knowledge as the inference evidence, it calculates the similarity between the input symptoms and the symptoms in the prior
knowledge, and then compares it with the set threshold value, so as to determine the disease and give the suspected symptoms and
treatment suggestions. Experiments show that the accuracy of the system reaches 87% , and the fuzzy evidential reasoning applied in
the system can better carry out multi—attribute decision reasoning, which conforms to the reality that a disease is accompanied by
multiple symptoms. The system plays a positive role in assisting medical diagnosis, realizing self—diagnosis of common diseases and
guiding the use of non—prescription drugs.
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Tab. 1 Patient information
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id varchar BERS
Name varchar BEUEA
Sex varchar SR
Age varchar BHAFR
Allergy varchar g 8
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Tab. 2 A department disease information

FRAK G FBHA
id varchar PN G
dis_division varchar BIRRLE
dis_name varchar IR AR
dis_sympton varchar IR X R E R
prescription varchar WL
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Tab. 3 Patients” case history
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id varchar BERY
name varchar BEEA
pat_sympton varchar JE-E I BUTTRN
pat_prescription varchar LWL
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Fig. 1 Some ophthalmic diseases
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Fig. 2 Some endocrine diseases
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for i in standard_X -
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distance = sqrt( [ (input_X1 — standard_X1)"2 +
(input_X2 - standard_X2)"2 +........ + (input_Xn -
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similarity = distance/len(standard_X)
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if (similarity > 0.6)

print(standard_Y) #5i v GERIRES
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Fig. 3 System flow chart
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Fig. 4 An example of correct diagnosis
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Fig. 5 An example of wrong diagnosis
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