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Uncertain time series data cleaning based on energy filter

SUN lJizhou, LI Jianzhong
(School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] Large scale time series data are generated and processed in many applications, such as data collected by sensors. Due to
environmental interferences and low precision of the sensors, the collected data are not usually accurate. Accuracy is an important
aspect of data science area, which plays a key role in the subsequent data processing tasks. To improve data quality, multiple sensors
are often deployed to collect data at the same location. The time series samples returned by the sensors are called uncertain time
series data. Existing research often designs new algorithm for old problems on uncertain time series, the drawbacks are low
efficiencies. Cleaning the uncertain data to get a single series close to the truth as much as possible is of great significance.
Traditional algorithms designed for certain time series can be applied directly. A power filter based method to clean uncertain time
series is proposed in this paper, experimental results show that the proposed method is better in both effectiveness and efficiency.
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