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Research on battlefield situation intelligent push
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SHEN Yuan, HUANG Zhiliang, HU Biao, WANG Shizhi
( Air Force Early Warning Academy, Wuhan 430019, China)
[ Abstract] The recommendation algorithm in the intelligent push of battlefield situation is the core and most important component,
which largely determines the pros and cons of the battlefield situation. The deep neural network recommendation algorithm models
the user and situational demand relationship, which could learn the implicit and more complex nonlinear relationship between the
two. The disadvantage is that the extra information of the situation is not utilized. Therefore, based on the deep neural network
recommendation algorithm, the Doc2Vec method is used to extract the text content information of the situation as the auxiliary input
of the deep neural network model, and a battlefield situation intelligent push method based on Doc2Vec and Deep Neural Network is
designed. The experimental simulation results show that using Doc2Vec algorithm to model the additional information of the situation

can improve the algorithm recommendation effect.
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Fig. 1 Distributed word bag model structure
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Fig. 2 Recommendation algorithm model based on Doc2Vec and

Deep Neural Network
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