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Research on perceived image of Chinese cruise tourism based on text analysis

MA Xiaofei, WU Mingyuan
(School of Management, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] China’s cruise tourism market is in a period of adjustment. It is of great significance to study the experience and
perception of cruise tourists in order to get rid of the sluggish market, expand the market scale and comprehensively improve the
quality of cruise tourism. Through two dimensions of cognitive image and emotional image, taking the online comments of online
cruise tourists as sample data, the cruise tourism is divided into four theme elements, namely accommodation, catering, service and
entertainment. Through text analysis of high—frequency feature words, IPA analysis, semantic network analysis, emotion index
analysis and negative emotion root analysis, the perceived image of cruise tourism from the perspective of tourists is obtained, and

the existing problems of Chinese cruise tourism are analyzed.
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Tab. 2 The high-frequency feature list of cruise tourism perceived image
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Fig. 1 IPA quadrant graph of perceived image
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Fig. 2 Semantic network analysis graph of perceived image
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Tab. 3 The classification criteria of emotional index
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Tab. 4 The classification results of emotional index of perceived image
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Tab. 5 The grounded theory code analysis of negative emotions
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