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Research on personalized tourism
recommendation algorithm based on attribute features
DING Heng, HUANG Quanzhou
(School of Computer Science, Xi'an Shiyou University, Xi’an 710065, China)
[ Abstract] With the rise of tourism industry, tourism information is increasing explosively, and the problem of information
overload is increasingly prominent. In order to enable users to get the required information efficiently and accurately, this paper
proposes a recommendation algorithm based on attribute features to solve the problem that traditional collaborative filtering algorithm
only uses a single overall score, therefore leads to inaccurate similarity calculation. The algorithm takes into account the similarity of
the attributes of items, improves the traditional method of similarity calculation, and measures the similarity from multiple
dimensions. The experimental results show that this algorithm has been well applied in personalized tourism recommendation, and
has higher recommendation accuracy compared with the traditional collaborative filtering algorithm, which can improve the

recommendation quality.
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Tab. 1 User—item rating matrix
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Tab. 2 Traditional collaborative filtering algorithm user — site

rating table
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Tab. 3 Multi—attribute user—site rating table
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Tab. 4 User score data fragment
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Fig. 1 Accuracy comparison chart of recommendation algorithm
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