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Data self-calibration filtering methods with slowly changing unknown inputs
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[ Abstract] Aiming at the filtering problem of slowly changing unknown inputs ( systematic errors) encountered in fields like
online monitoring, fault diagnosis, navigation and control, etc., data self — calibration filtering methods with slowly changing
unknown inputs are established, including measurement self—calibration filtering method, self-calibration Kalman filtering method
with unknown inputs in state equations, self—calibration Kalman filtering method with unknow inputs in measurement equations and
dual unknown inputs self—calibration Kalman filtering method. The methods can automatically estimate and compensate the slowly
changing unknown inputs, eliminate the systematic errors, and reduce the random errors by data fusion, so as to improve the
filtering accuracy. Moreover, the methods calculate easily, which is convenient for edge computing and engineering applications.
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