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Preprocessing of breast cancer MRI images based on deep learning

ZHENG Junhao
(School of Computer Science and Technology, Donghua University, Shanghai 201620, China)

[ Abstract] Breast cancer is the world’s higher incidence of female morbidity and mortality, and the development of imaging omics
has brought new opportunities for accurate diagnosis and treatment of breast cancer. The raw image data needs to be pre—processed
for better analysis in the next step. This paper mainly performs image registration and enhancement preprocessing operations on the
public dataset RIDER Breast MRI to obtain accurate image information, which provides certain guarantee for subsequent feature

calculation and image analysis.
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Fig. 1 Image registration flow chart
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Fig. 2 Gradient descent example diagram
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Fig. 3 Naive Bayesian star structure diagram
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