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Research on outpatient forecast with
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[ Abstract] In order to allocate the hospital ‘s health resources rationally and establish an accurate model for outpatients volume

prediction, history outpatient data combined with meteorological data and environmental monitoring data is used with differential

processing and xgboost methods for prediction. The results show that the determination coefficient R* is 0.805 and the mean absolute

percentage error mape is 4.7% in test dataset. The R* and mape of outpatients volume prediction which did not include meteorological

data and environmental monitoring data is 0.757 and 5.3%. This model can predict the outpatient volume of the hospital accurately

and provide a basis for allocating the daily health resources rationally.
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Tab. 1 Some characteristics and values of meteorological data
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Tab. 2 Characteristics and values of environmental monitoring data
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Tab. 3 Hyper—parameter values
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Learning_rate 0.1
max_depth 4
min_child_weight 1
colsample_bytree 0.84
subsample 0.69
Reg_lambda 0.999
reg_alpha 0.001 1
gamma 0.000 099 9
n_estimators 400
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Fig. 1 Forecast and actual values of daily outpatient visits in future
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Tab. 4 The influence of difference on model results
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Tab. 5 Comparison of prediction results
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