®10%E F£2H 2 B8 it E M5 M A
Vol.10 No.2

2020 &£ 2 A

Intelligent Computer and Applications Feb. 2020

FE42ES . TP391.41 XikERER: A

ETREFINNBIBEEZNARELI

T B, MEWE, &
(B TREARKYE BT TR¥EE, B 201620)

W OE, SR MAEREF I WRIEA S ENAME AN CRARE, BREREERERLZINERG 22 E, BB
it A RIGAN kT B R RAS G 3 T RAR A R AR 42 e B2 B2 s AL Bl E ey ad £2 0 K sk
VGG16,VGG19,Cycle GAN =4 RA& it # H ikt A7 547, A A BBRRERIEL EXL ASZ MK A, AR EBAYZM & T A
AR AS , R Bt xb b 3 1t A5 AL A R AR IEM Cycle GAN 2R # 4%,

KW, KA, REFIEETH,; VGG; GAN

XEHS: 2095-2163(2020)02-0057-05

Research and implementation of style transfer algorithm based on deep learning
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[ Abstract] In recent years, with the strong rise of deep learning and the rapid development of computer vision technology, image
style transfer technology has also received widespread attention from all walks of life. Image style transfer refers to the process of
learning the artistic style of an image using an algorithm, and grafting this style onto other images to complete the image re—creation.
This paper analyzes three style transfer algorithms, VGG16, VGG19, and Cycle GAN, and uses the relationship between image
depth features and semantic content to study image feature transfer in convolutional neural networks. Based on the above, by
comparing the actual effects of the three migration images, Cycle GAN proves to be better.
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Fig. 1 Fast image style migration method
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Fig. 3 VGG16 network structure diagram
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Fig. 4 VGGI19 network structure diagram
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