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Text detection in natural scene based on text center line
LIU Yexin', BU Wei*, WU Xiangqian'

(1 School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China;
2 School of Media Technology and Art, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] Due to the rapid development of deep learning, text detection methods for natural scenes have made a lot of progress in
recent years. Instead of relying on manual feature extraction methods, they are making continuous progress in speed and accuracy.
However, most of the current text detection methods are not accurate enough in the description of the text area. The same rectangular
box as the universal target detection is used to accurately represent the bent or tilted text area, which will make the detection result
contain too much background content and greatly affect the subsequent recognition work.Even angular rectangles do not represent
curved text areas.In order to solve this problem, this paper proposes a text representation method based on text centerline plus text
width, which can effectively detect tilted and curved text areas.Tests on datasets of horizontal text, slanted text, and bent text have
achieved best or near accuracy.
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Fig. 2 Flow chart of text detection
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Fig. 3 Network structure of text detection
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Tab. 1 Evaluation results on the ICDAR2013 dataset

F=2x

J7i: P R F
Ye 0.63 0.89 0.73
Yin 0.65 0.84 0.73

Neumann 0.65 0.88 0.75
Yin 0.66 0.88 0.76
FastText 0.69 0.84 0.77

Mmser 0.70 0.86 0.77
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He 0.76 0.85 0.80
Qin 0.79 0.89 0.83
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Tab. 2 Evaluation results on the ICDAR2015 dataset

ik P R F
Zhang 0.70 0.43 0.54
CTPN 0.74 0.52 0.61
Yao 0.72 0.59 0.65
DMPN 0.68 0.73 0.71
SegLink 0.73 0.77 0.75
SSTD 0.80 0.73 0.77
EAST 0.83 0.74 0.78
PixelLink 0.86 0.82 0.84
A7 0.86 0.83 0.84
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Tab. 3 Evaluation results on the CTW1500 dataset
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Seglink 0.42 0.40 0.41
EAST 0.79 0.49 0.60
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CTD 0.74 0.65 0.70
TextSnake 0.68 0.85 0.76
ENVRN 0.78 0.79 0.78
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Fig. 4 Partial test results
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