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Memory effect based information diffusion model through online social networks

WANG Xiaomeng, FANG Binxing, ZHANG Hongli, WANG Xing
( School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] Information diffusion is one of the major research focuses in Social Network Analysis, the information diffusion is the
core content in this field. This paper presents a memory effect based information diffusion model, where the exposure curve and
individual influence are both taken into consideration to improve the epidemic model. Through simulation experiments based on
regular network, random network and Renren data, it is found that rumors, hobbies, and other types of information which has
cumulative memory effect is more easily to spread in regular network with large size, and this trend becomes more significant as the
size of the network increases. However, the random network performs better for the attenuation memory effect, and this result

provides a supplement to the Centola’s experiment.
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Fig. 1 The memory effect of information transmission in Sina Weibo
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