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Research on a technology of securities market tags analysis
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[ Abstract] There is a large amount of tag information in the securities industry to help investors carry out tag classification and
division of stocks. How to tap the tag information of securities is of great significance to help investors understand the securities
market, sectors and stocks more quickly and accurately. This paper mainly studies the mining and analyzing technology of securities
tag information, including: tags information acquisition, stocks correlation, tags correlation analysis, stocks network and tags

network analysis, and applying the above analysis technology to realize a skill of securities market tags analysis.

[ Key words] securities market; stocks; tags; stock network; tags network

0 3| F

AR | B 25 0E 25 T 375 R J06 1o 5 AR 1 TEURE %
J& FR s Mol &, bk 22 A8 B S T
Gy B E e R B M T AR T 4
A BESL A AR A5 B (ARSI 4515 B AT 15
B OFEER) BE A O ST R

A I 75 B A P Ok T A5 B 4k )
L, A BROTEHRM T, 5 BB T v
THRES T A R IG5, ARk, A T8
REAY TSR 4 R 403 25 15 S 42 30 23 M T A8 14 30
3B 4 Rl BIF G O 1 Bk T BB Xy
TS TARAL kA o B ST 4

T — AT RS IEAHURE T
—BEARAE (Tl A AR ) 2T B ke i
PEATARAE 326 MRSy BEANFREE X — M,
S — L) e Rl S — SRR X
o7 FMRERAT, B — 2 P B2 AR AI S Al 2
Fioll ZEER AL JL RS B R A Bl Mk
& 4TSN R ) - G VA= S 1 P
Hh S A — AR S R R, AR, Tl A

BEL£WH.: BRARR2EH4(61672185),

G -7 o X BEAR 2 TS Y B R AR ) AR
fiE o YT E)— HURE A i B, %R 1Y
FHHRAZ: L RE I 1 A2 B AN

PR T R ITE SRR, A LERE 2
FIFAEB RO FR T LAK AR 26 73 26, UL IET 1,
AT BEBRAE Z A7 TR OORIBNE , mT A4 s 26 M
2 UL 2, X EEAEAPERIRR A, X T B AT
ORI B T AR A B AT 1 D sl By LA, B
AEZAEH
S G BRI ARG A
Be H-#mm P A ARG D A
LT A AR TR

@ E

— i A H R, FEEAT @ TG ERL, PR AR
[N PR ARl RYIHT A B A A, R 1Ll
mEE AR, PR TR

Ak e 7 o e A R 2

5

A
B 1 IEETHHNRES EMIREE
Fig. 1  Schematic diagram of the tags classification tree of the

securities market
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Fig. 2 Schematic diagram of the tags classification network of the

securities market
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Fig. 3 Securities information acquisition flow chart
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Fig. 4 Securities tag analysis system function chart
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