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Social media-oriented sarcasm detection

LUO Guanzhu, ZHAO Yanyan, QIN Bing, LIU Ting
( School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] Sarcasm is a rhetorical method commonly used in social media. The existence of sarcasm poses a challenge to
traditional sentiment analysis or opinion mining. A common form of expression in sarcasm rhetoric is the use of emotional words
with opposite polarities to express " inconsistency." In this paper, a neural network model based on attention mechanism is proposed
for this form of sarcasm. This model can capture the two inconsistent words in a sentence to infer whether it is sarcasm. The model
does not consider the context of the sentence, only from the structure of the sentence itself, calculates the attention score between
any two words to find the keyword that leads to sarcasm. This model has achieved good results on multiple data sets, and has good

interpretability.
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Tab. 2 Experiment results

Riloff Ptacek SemEval-2018
Y
P R F P R F P R F,

CNN 64.01 63.98 63.99 67.01 69.30  68.14 5240  61.03 56.39
LSTM 65.00 66.30  65.64 68.21 70.60  69.86 52.68  60.34  56.25
Attn LSTM 64.47 6439  64.43 70.59  71.06  70.82 53.33 60.56  56.72
WPA-P 65.30  66.87 66.08 71.10  72.32  71.70 53.41 61.87 57.33
WPA-A 65.76  67.45 66.59 71.43 72.71 72.04 54.08  61.45 57.53
WPA-A-BIiLSTM 66.59  68.31 67.44 72.29  73.25 72.77 54.10  61.31 57.48
WPA-A-CNN 65.98  67.98 66.97 71.33 74.08 72.68 55.23 61.98 58.41
WPA-A-BIiLSTM-CNN 67.02  68.30  67.65 72.10  74.28 73.17 55.41 62.00  58.52
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