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[ Abstract] Faced with massive traffic data, the existing detection technology for fake plate vehicles have high false identification
rate, which causing inspection department to consume lots of human resources on auditing the detection results. A new parallel
detection approach of fake plates based on abnormal vehicle behavior is proposed, in order to decrease false identification rate and
false alarm probability. This paper selects several abnormal behavior factors associated with fake plates, then establishes
corresponding algorithmic models on distributed architecture to mine them. A BP neural network model is established to train the
results of several abnormal behaviors obtained by mining the real massive traffic flow data of a city “s expressway through
corresponding algorithmic models. Therefore, the detection results of fake plates can be obtained by taking various abnormal
behaviors into account. The research results show that the parallel detection approach decreases false identification rate to 18%,

which can improve the inspector’s work efficiency greatly.
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Fig. 3 RDD transform process of abnormal speed mining model
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