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Text-to-infobox generation with sequence to sequence learning
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[ Abstract] The paper proposes a sequence—to—sequence (Seq2Seq) model to generate infoboxes from the text, where an infobox
is a set of attribute—value pairs. The model works in an end—to—end fashion, which represents a paragraph as a sequence of hidden
vectors with an encoder and then generates an infobox with a decoder. The paper conducts experiments on the WIKIBIO dataset. The
Seq2Seq model achieves an average F', score of 58.2, which significantly outperforms a pipeline—based approach by 21.0 points.
Experiment results show that the seq2seq model has the ability to generate a list of attribute —value pairs in a sequential way.
Incorporating both the attention and copying mechanisms improves the accuracy of the model. Furthermore, the results demonstrate

that the copying mechanism is capable of replicating rare words to generate values.
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brian james "b. j." symons(bron november 19,

1980) is a former american football quarterback.| —  __.---=""77"0=-"70

symons played professionally for the houston

texans and the chicago bears of the nfl, the

frankfurt galaxy and berlin thunder in nfl
europe, and the tampa bay storm of the arena| ... |OOO| |OOO| |OOO|
football league. he was originally drafted by the
texans in the seventh round of the 2004 nfl draft N
(248th overall). he played college football for '

texas tech where he was a record setting passer.
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Tab. 1 Statistics on the proposed training set
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Fig. 1 Overview of the proposed text—to—infobox generation framework
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Tab. 2 Experiment results on attribute—value pair generation
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S2S+atn+copy A+V 64.2 56.5 58.2
S2S+atn+copy A 62.1 53.8 55.8
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Tab. 3 Experiment results on attributes and values, respectively
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S2S+atn+copy A+V 81.9 72.3 74.2 76.4
S2S+atn A 81.6 74.2 75.2 -

S2S+atn+copy A 82.6 71.9 74.3 73.4
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