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[ Abstract] In order to improve the ability of social network user behavior analysis and scenario pattern prediction, and optimize
the construction of social network, combining the methods of data mining and behavior analysis, the user characteristics analysis and
user scenario pattern optimization mining of social network are carried out. The behavior characteristics of social network users could
be discovered. In this paper, a prediction method of social network user scenario pattern based on fuzzy partition clustering is
proposed, and the associated topology model of social network user scenario pattern distribution is constructed. The Parallel Sets
argument axis sorting method is used to implement the partition scheduling of the storage structure of the social network user scenario
pattern, and the segmented feature extraction method is used to mine the associated data of the social network user scenario pattern.
The adaptive optimization method is used to obtain the distribution information of the social network user scenario pattern, the fuzzy
partition clustering method is used to find the hidden patterns in the user scenario pattern data set, and according to the data fuzzy
partition clustering and mining results, the adaptive prediction of social network user scenarios is realized. The simulation results
show that the proposed method has a high accuracy in predicting social network user scenarios, improves the accuracy of feature
registration of social network user scenarios, and the algorithm can deal with the real-time performance better.
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Fig. 1 Topology of social network user scenario pattern
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Fig. 2 Associated data mining for user scenario pattern distribution

in social networks
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Fig. 3  Output of big data feature prediction result of scenario
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Fig. 4 Prediction accuracy comparison

Mixed data
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