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An active contour segmentation model based on image entropy
ZHANG Fengshou, HAN Jingyang, CAO Junjie

FE4 %S TN911.73

(School of Mechatronics Engineering, Henan University of Science and Technology, Luoyang Henan 471003, China)

[ Abstract] The traditional active contour model based on region to segment medical images with intensity inhomogeneity, it
cannot make full use of the gray scale change information of local regions of the image, resulting in inaccurate segmentation results.
This paper proposes an active contour model based on the whole of image entropy mixed with partial information. The model is based
on the fidelity term of CV(Chan—Vese) model, combines the local area information with the image entropy that reflects the change
characteristics of the image gray level, and introduces the regular term that avoids the initialization of the level set function and keeps
the curve smooth, endows the normalized proportion adjustment coefficient, solves the minimization energy functional through the
variable method and gradient descent flow, updates the level set function equation, and completes the curve evolution. The
experimental results show that the model is superior to CV model in segmentation accuracy for medical images with uneven gray
scale, and its segmentation efficiency is 52.2% higher than LBF model. It is a practical and effective segmentation method.
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Fig. 1 Algorithm implementation flow chart
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this paper
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