F9% 21 g2 g it E M 5§ K A
Vol.9 No.2

2019 %53 A

Intelligent Computer and Applications Mar. 2019

X EHS. 2095-2163(2019)02-0130-06 FESES . TP391.1 XEkFRER: A

T FRANFHRENIZR EFE IR

M #,x
(BREIWAZE HENRZESHEARZR, BRIE 150001)

A E . PO R I PR SCAS AT 43 1) Ab B R REAZ 3 T I PR SCAR R (19 138 75 Rtk i B R BR 1 , 25 )5 22 5 2 T4k
PR BT AR R B AR SRR I R R T T 1 16 PR SCAR 14 43 1) 245 B2 3 1) 45 T I 2 S AR R SRR R )
TESRIOR IS B8 2 SR AR R SRR A T G000 0 25 P BE ML AR T U0 B 2 S sl A 17 01m) 2 S R 0 SR DU 2 ol )
iR BRI A,

KGR EFIRUU RIFRENL ;IR 48

Character-based CRF for Medical Entity Recognition
HE Bin, GUAN Yi
(School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] The unique sub —language characteristics of clinical text greatly limit the performance of the open—domain word
segmenter, and this causes a lot of error accumulation for subsequent medical entity boundary recognition. Therefore, a word

segmenter dedicated to clinical text is constructed for this problem. This clinical word segmenter is used to extract word features for
the medical entity recognition model to reduce medical entity boundary errors. Besides, a character—based CRF model is built to

identify medical entities, which avoids the error accumulation problem caused by word segmentation.
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Fig. 1 Flow diagram of the CRF model
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Tab. 1 The scale of the medical term dictionary
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Tab. 2 Features for the word-based medical entity recognition model
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Tab. 3 An example of the character sequence and label sequence Precision = True Positive /(Tnle Positive + False Positive) .
for the character—based medical entity recognition model (3’)
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Tab. 4 Features for the character—based medical entity recognition
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Tab. 5 The distribution of entity types in the medical entity dataset
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Tab. 6 Performance comparison of medical entity recognition models

(e WHE HRE F1 {8

CRF (Lex) 87.30 80.97 84.01

CRF (Lex) +CWS 91.18 87.89 89.50
CRF (Lex+Ort) +CWS 91.18 88.17 89.65
CRF ( Lex+Ort+Dic) +CWS 91.42 88.58 89.98
Char-CRF 92.18 89.86 91.00
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Tab. 7 Performance comparison on each medical entity type
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Tab. 8 Conflict between word segmentation results and entity

boundaries in the test set
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