F9% 21 g2 g it E M 5§ K A
Vol.9 No.2

2019 %53 A

Intelligent Computer and Applications Mar. 2019

XEHS: 2095-2163(2019)02-0116-03 MR ERS: A

BT ABIR B A M IR 264 % S RN

EEA', EiBE, BEHRE, HFE
(1 SRR S0 Sk SIS 8 TR0, #IET #0iE 411100; 2 S#ERE, K70 410082; 3 #IEIRHEAS:, #IET #E 411201)

i E. AR, 2RI AR FERA, T HIRAS T MR (H 0 T e AN TR A DR A A SR A
N B SEBOR BIWEE LEB D i T AR B AR B BRAR 2208 i 2 A 2 > ORI BB EEAD T DRE , R ST — o
BT NS PUN AR PR LT BESE I RROZ R T B R BEA A 2 S ROR VAT, D2 A 1927 ST OR PP S A 2 WK
i SEERUER 125 AT LA B P50 R HR B vRE 0 A 6, 368 5 2 A MR A 9 5K 5 B ) T LR e TR E, Ry 2 A Y o S RCR
Pt 2 WAL TIN5 2R

R NP, WIS BUREEIES; 2 TR T A

Evaluation of modern apprenticeship

learning effect based on face recognition technology
ZUO Guocai', WANG Haidong”, CHEN Linshu’, SU Xiuzhi'

FE4%ES . TP311.52

(1 School of Software and Information Engineering, Hunan Vocational Institute of Software, Xiangtan Hunan 411100, China;
2 Hunan University, Changsha 410082, China; 3 Hunan University of Science and Technology, Xiangtan Hunan 411201, China)

[ Abstract] In recent years, the modern apprenticeship pilot program has been implemented throughout the country and has
achieved certain results. However, there are few studies on how to objectively evaluate the implementation effect under the modern
apprenticeship training mode.And the research on the evaluation of the learning effect of modern apprentice students based on face
recognition technology is even less.Therefore, this paper proposes a classroom focus algorithm based on face recognition technology,
and applying the algorithm to the evaluation of learning effects of students in modern academic classes, which could provide an
objective basis for students” learing effect evaluation. Experiments show that the algorithm can achieve accurate positioning of face
recognition and the eyes, and by judging the focus of the classroom through the student’s eyes, provide objective and quantitative
evaluation results for learning effects of the students.
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Fig. 1 Overall design frame
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Fig. 2 Judgement flow chart of the degree of convergence
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Fig. 3 Test results of the degree of convergence
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