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Research on the application of face recognition based on
the improvement of illumination factors in university dormitory management
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[ Abstract] Illumination changes are an important factor affecting face recognition systems. Face recognition research needs to be
carried out under a controlled environment. Face images are often restricted by factors such as changes in illumination, resulting in the
loss of some features and affecting the overall recognition effect. By analyzing the research on the accurate recognition of faces under

different illumination and occlusion conditions, the illumination problem in face recognition has been comprehensively discussed, the
theory of illumination and the processing technology have been feasibly studied, and the specific operability scheme of the face

recognition system applied to the security of univesity dormitory is given, which makes the recognition achieve better results.
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