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[ Abstract] This paper compares and analyzes three clustering algorithm such as the K—means clustering, ant clustering and
DBSCAN clustering in the application of indoor location system. The three algorithms are compared respectively combined with the
indoor location model of the support vector machine ( SVM) regression based on Wi-Fi and receiving signal strength. The
simulation experiment found that K-means and DBSCAN clustering algorithm are better than the ant clustering algorithm, and the
location results of the aboved two are not much different. Considering that DBSCAN clustering algorithm can remove noise points,
DBSCAN clustering is mixed with K—means clustering algorithm for analysis, and then combines with location model, which could

obtain better location effect.
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Fig. 2 K-means clustering results
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Tab. 1 Analysis of K-means—SVM location results m
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Fig. 4 Ant colony algorithm clustering results
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Fig. 5 Ant colony algorithm SVM location results
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Tab. 3 Analysis of DBSCAN-SVM location results
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Fig. 6 DBSCAN clustering results
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Fig. 8 K-means algorithm with noise point removal clustering results
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Fig. 9 DBSCAN-K-means—SVM location results
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