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[ Abstract] Breast cancer is a high-risk cancer in women, which threatens the health of women around the world. Therefore, the
research and decision—making of breast cancer is important for the diagnosis of breast cancer in women. This paper proposes a new
information fusion framework for classification and prediction of benign and malignant breast cancer. The framework first extracts
texture features from the region of interest of the breast ultrasound image, and then uses four basics for the obtained texture feature
dataset. Classifiers; Naive Bayes, Decision Tree, SVM, KNN are classified, the classification results of the basic classifier are
determined using the voting method, finally the classifier information is fused. The classification results between the results of the
four basic classifiers and the results of the information fusion classifier model are compared. It is experimentally determined that the
decision—based classifier method achieves higher accuracy and lower classification error rate than the separate classifier.
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Fig. 1  Flow chart of fusion medical image based on decision

information
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Tab. 1 Example of feature extraction results of regions of interest

in breast imaging
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contrast = 0 = 0 488.330 8
dissimilarity — 0 = 0 16.595 46
homogeneity — 0 — 0 0.059 729
ASM -0 -0 0.000 23
energy —0 -0 0.015 157
correlation — 0 = 0 0.721 348
conirast = 0 - 1 625.332 7
dissimilarity — 0 — 1 18.718 6
homogeneity — 0 - 1 0.056 009
ASM -0 -1 0.000 217
energy — 0 — 1 0.014 746
correlation = 0 — 1 0.649 198
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energy — 0 — 2 0.017 532
correlation = 0 — 2 0.617 2
contrast = 0 = 3 747.272
disstimilarity = 0 = 3 20.846 01
homogeneity — 0 — 3 0.050 368
ASM -0 -3 0.000 199
energy — 0 - 3 0.014 114
correlation — 0 = 3 0.580 856
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Fig. 2 Schematic comparison of the results of the four basic
classifiers and the fusion classification model
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Fig. 3 Comparison of AUC values of four basic classifiers and

fusion classification models
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Fig. 4 Comparison of the accuracy of the four basic classifiers and

the fusion classification model
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