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Research on fault prediction of energy storage equipment based on monitoring data
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[ Abstract] Energy storage equipment is one of the key devices for peak cutting in a power station. Aiming at the complex types
and causes of energy storage device faults in power station, a fault assessment method based on profile data and machine learning
method is proposed. In order to predict the faults and their types in the operation of energy storage equipment, based on profile
historical data and real-time data, the feature extraction and charge—discharge cycle identification of profile data sets are carried out
first. Then a support vector machine classifier is established and trained to obtain the model parameters. The results on the actual
operation data of energy storage device verify that the proposed method can effectively identify the fault type in the early stage of
fault occurrence.
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Fig. 1 Fault evaluation based on machine learning method
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Tab. 1 Precision results of machine learning methods

e il SERHAEL O RARED HERE2
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MultinomialNB 0.757 174 0.954 638  0.484 276
SVM 0.758 191  0.958 124  0.733 456
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