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Combined prediction model of

solution circulation based on natural gas decarburization process
GUAN Liping, CUAN Ying
('School of Computer Science, Xi‘an Shiyou University, Xi‘an 710065, China)

[ Abstract] In natural gas decarburization process industry production, optimization of decarburization process flow can effectively
improve production efficiency. Firstly, the decarburization process parameters are analyzed, and the Shapley value method is used to

assign weights to the single prediction model and build the combined prediction model. Experimental comparison shows that the
combined prediction model based on Shapley value can effectively improve the stability of the prediction model, and has certain

reference value in the optimization of decarburization process parameters.
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Tab.1 Mean square error and R’ value of single prediction mode

AT AL 2L E ¥ R?
LS 0.948 620 0.002 59 0.948 62
EedmlE 0.950 670 0.002 48 0.950 67
SVR 0.792 803 0.011 34 0.778 92
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Fig. 1 Bayesian regression model
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Fig. 2 Linear regression model
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Fig. 3 SVR regression model
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Tab.2 Error allocation in subset of combined model
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Tab.3 Shapley value allocation
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Tab.4 Assessment of combination forecasting model
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Fig. 4 Prediction model fitting results
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Fig. 5 The absolute error between the prediction model and

the real value
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