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Aviation cost optimization considering low carbon emission cost
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[ Abstract] Nowadays, with the deepening of the concept of environmental protection, low—carbon transport has gradually become
the mainstream trend, and the research on the environmental cost of airport emissions will gradually attract social attention. Low —
carbon transport has become the only way for all countries to achieve low—carbon energy conservation, win the low—carbon war and
achieve sustainable development. By analyzing the transportation cost and carbon emission cost related to the aviation network and
referring to the calculation methods of carbon emission environmental cost at home and abroad, this paper establishes an airport
environmental cost model. Through the analysis of pollutant composition, the purpose of reducing emission control cost is achieved,

so as to reduce operation cost.
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Tab. 1 Pollutant emission costs
5% SR RS SNE AR/ (O6/Kg)

HC 47.50
CO 1.05
NO, 105.23
SO, 71.11
CO, 0.31
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Tab. 2 Emission of gas pollutants t
A HC Co NO, S0,
2014 919.62 8708.19 14 023.68 1 029.05
2015 920.39 8 715.51 14 035.48 1 029.92
2016 1158.23 10967.73 17 662.52 1296.07
2017 1327.74 12572.87 20 247.48 1485.75
2018 1514.48 14 341.16 23 095.19 1694.71
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Tab. 3 CO , emissions

A SRR/ T CO, %rik/ Jy
2018 5.6 1920
2017 4.2 1 440
2016 3.3 1130
2015 3.4 1170
2014 5.0 1 700
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Tab. 4 Cost Vil
Ay HC co NO, S50, CO,  IHYYIA
2014 4368.2 91.4 147 571.2 7317.6 527000 686 348.4
2015 4371.9 91.5 147 695.4 7323.8 362700 522 182.6
2016 5501.6 115.2 185862.7 9216.4 350300 550 995.9
2017 6306.8 132.0 213 064.2 10 565.2 446 400 676 468.2
2018 7 193.8 150.6 243 030.7 12 051.1 595200 857 626.2
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3.1 SPSS XS
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Fig. 1 Anova Fig. 2 Coefficient
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Fig. 3 Significance analysis
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Tab. 5 Weight table

HC co NO, S0, CO,
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Tab. 6 Comprehensive scores

&N 0.059 8 0.1583 0.3018 0.4745

Ay 2014 2015 2016 2017 2018
PN
=]

=

FAfSsy 0.2058  0.2053  0.2058  0.2058  0.1773
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