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Gaussian Kernel Based Hierarchical Clustering for Driving Cycle Construction
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[ Abstract] The existing vehicle condition construction mainly uses the k—means method to cluster the kinematic segments. This
method needs to determine the number of clusters through experience. However, manual experience is easy to bring errors when the
amount of data is large and the situation is complex. Therefore, this paper constructs a hierarchical clustering algorithm based on
Gaussian kernel after processing the bad data, defining the slack area and segmenting the kinematic segments, and determines the
candidate set of construction conditions after clustering the segments to solve this problem. This paper also introduces 14 kinematic
segments, such as statistical feature, shape feature and entropy feature, as the effective features of clustering kinematic segments.
According to the category and time proportion of kinematic segments, the 1300 s working condition diagram is constructed. The

experimental results show that the working condition diagram constructed in this paper is effective and practical.
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Fig. 2 Created Driving Cycle
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Tab. 9 Table of optimized intercity operation plan
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Tab. 10 Comparison table before and after optimization
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