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Research on intelligent detection of helmet wearing in dense scenes

CHEN Chuangchuang, HU Shaofang
(School of Network Engineering, Zhoukou normal university, Zhoukou Henan 466000, China)

[ Abstract] Whether the helmet is worn in accordance with the specification is directly related to the life safety of the staff.
Therefore, in many dense scenes such as construction sites, it is required that the helmet must conform to the standard. In this
context, a smart detection method for helmet wearing is studied. artificial neural network algorithms in artificial intelligence
technology is used to preprocess the collected helmet wearing images, including image graying, image filtering, image
enhancement, image background segmentation, etc. Directional gradient histogram (HOG) is used to extract features of helmet for
the construction of a random forest classifier and the intelligent detection of the helmet wearing state. The results show that the

proposed method for intelligent detection of helmet wearing in dense scenes reaches the expected goal.
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Fig. 1 Random forest classifier
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Tab. 1  Automatic detection results of helmet wearing in dense
scenes o
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