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Unbalanced text classification based on attention mechanism
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[ Abstract] In the process of text classification, the unbalanced distribution of text categories will lead to the decline of
classification accuracy. To solve this problem, this paper proposes an unbalanced text classification method based on attention
mechanism. First, TF-IDF is used to extract the feature words of each category, and then the extracted feature and the original text
are spliced to allocate the attention weight of the feature words. Finally, softmax is used for classification. The experiment is carried
out on the open source text data set of Fudan University. The experiment shows that the method proposed in this paper is more stable

and the accuracy is improved compared with other comparison methods.
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Fig. 3 Data distribution of training sets
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