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Keyword extraction algorithm integrating information entropy and multi-weight TF-IDF
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[ Abstract] Aiming at the limitations of traditional word segmentation algorithms , traditional keyword extraction algorithms for
customer—centric analysis of customer reviews and extraction of important customer needs in modern marketing activities, a fusion
information entropy and multi-weight TF-IDF keyword extraction algorithm is proposed. The algorithm first uses the combination of
mutual information and the left and right entropy word segmentation algorithm to segment the title and user comments to generate
new words. Then the TF-IDF algorithm is used to extract the review keywords and title keywords based on the keyword’s position
factor and classification factor, which is added with different feature weights to avoid ignoring the different importance of the title
and the comment and to improve the accuracy of the result. The cosine similarity is used to compare the similarity of the keywords of
the two keywords to determine the quality of the comment. The experimental results show that considering the mutual information,
left and right entropy, word position, part of speech and word length, the efficiency of extracting keywords can be improved, and
important comments can be effectively screened, making it easier to select important customers.
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Tab. 3 Comparison of two word segmentation
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