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TE process fault diagnosis based on improved crow algorithm optimizing SCN
ZHAO Wenhu, WANG Wen, LIANG Yanbin

(Department of Mechanical and Electrical Engineering, Xinjiang Industrial Vocational and Technical College, Urumgi 830022, China)

Abstract. Modern chemical processes are becoming more and more complex, so it is particularly important to find faults timely and
accurately. Aiming at the problems of poor generalization ability, low classification accuracy of Stochastic Configuration Network
and poor optimization ability of Crow Search Algorithm, the Tennessee—Eastman process fault diagnosis method of Improving Crow
Search Algorithm to optimize Stochastic Configuration Network is proposed. Combined with the optimization comparison test of
Improved Crow Search Algorithm and other optimization algorithms and the classification results of different faults in TE process by
optimizing Stochastic Configuration Network, it can be concluded that, applying the proposed method to the TE process can
significantly improve the classification accuracy of different faults, and the classification accuracy of the whole test set is also up to
97.6% , which has a good classification effect and is more in line with the requirements of modern chemical production.
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