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Prediction of film ratings based on Deep Neural Network
ZHU Yanxi, ZHANG Mingxi, ZHAO Rui, XU Xingbo

(College of Communication and Art Design, University of Shanghai for Science and Technology, Shanghai 200093, China)

Abstract: Film ratings can directly reflect the screening effect or income of film. However, the current method of extracting film
features is single and the information mining is insufficient. To solve this problem, a film ratings prediction model based on Deep
Neural Network and mixed feature representation vector is proposed. According to the attributes of the film, the representation vectors
of film mixed features are generated by bag of words model, feature splitting and TF-IDF, and the film ratings prediction model based
on Deep Neural Network is constructed by using vectors. The experimental results show that the index values of MAE, MSE and
SmoothL1 Loss convergence after 100 iterations of training, MAE is 0.82, MSE is 1.07, SmoothLl Loss is 0.45, which proves that the
proposed method has a good effect on the ratings prediction of the film, and can effectively evaluate the value of the film after release.
Key words: DNN; bag of words model; TF-IDF; film rating
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KATHM 1995/10/30 1995/12/15 1995/12/22
JFIRIEE EN EN EN
FAEA Animation, Comedy, Family Adventure , Fantasy , Family Romance , Comedy
RS ] Pixar Animation Studios TriStar Pictures, Teitler Film, Interscope =~ Warner Bros, Lancaster
Communications
HREZ  United States of America United States of America United States of America
KITIES  English English English
B AHRE Led by Woody, Andy’s toys live happily ~ When siblings Judy and Peter discover an A family wedding reignites the ancient...
in his room until... enchanted...

AR Now, emply that safe! Roll the dice and unleash the excitement!  Still Yelling. Still Fighting. Still Ready for

Love.
WM 7.912 6.853 6.489
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