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Grape Image Segmentation Algorithm

Based on Particle Swarm Optimization and K-means Clustering
ZHANG Yongjian, REN Honge
(College of Information and Computer Engineering, Northeast Forestry University, Harbin 150040, China)

[ Abstract] Aiming at the problem of segmentation of realistic grape image under complex background, a segmentation algorithm
based on particle swarm optimization and K-means clustering was proposed, by using the global search capability of particle swarm

algorithm to optimize the selection of initial clustering centers. Class center clustering can effectively improve the problem that K-
means clustering is susceptible to initialization cluster centers. Experiments show that the proposed algorithm has high segmentation

accuracy and complete grape contours, which can effectively identify grapes from complex backgrounds.
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Fig. 1 The original grape image Fig. 2 The image after preprocessing
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Fig. 5 Segmentation results
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