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Animal Sound classification based on DTW distance
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[ Abstract] This paper puts forward the idea of animal classification from the perspective of acoustic distance, and classifies
animals by calculating the DTW distance of animal sound. The experiment found that DTW algorithm is feasible and scientific in the
application of animal classification, and the classification results reflect the basic characteristics of animals to a certain extent. The

more sounds each animal uses in the experiment, the better the classification effect will be.
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Fig. 1 Classification results of 175 species of animals
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distance interval of 175 species of animals
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Fig. 3 Classification results of 175 species of animals
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