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A Construction Method of Java Code Knowledge Graph
based on multi-source data fusion

SU Jia, SU Xiaohong, WANG Tiantian
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[ Abstract] Developers need to learn and retrieve different kinds of code—related knowledge from different sources in the software
development process. Code knowledge graph can not only describe knowledge resources, but also analyze and display the
relationship between knowledge, which has been paid more and more attention. In this paper, a method of constructing knowledge
graph of Java code is proposed. Multi—source knowledge related to Java code is extracted and fused to construct knowledge graph,

and existing API entity recognition methods are tested and compared.
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Fig. 1 Java Code Knowledge Graph Construction Process
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Fig. 2 Code knowledge construction process of API document based on web crawler
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Fig. 4 Partial visualization results of Java code knowledge graph
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