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The exploration of big data in improving government governance ability-taking
the application of the platform of people flow detection ability as an example
SHI Wei
(Big Data Center of Shandong Province, Jinan 250100, China)

[ Abstract] The proposal of the national cyber power strategy and the release of the Platform for Action to Promote Big Data show
the importance of big data in improving government governance capacity and promoting social development. In the process of
governance, the government fails to give full play to the supporting role of big data in improving the governance ability of the
government due to the lack of big data thinking and the limitations of supporting systems for application. Taking the personnel flow
detection capability platform as an example, this paper expounds the important role of big data in improving government governance
capability and the difficulties encountered from the perspective of practical application, and puts forward an exploratory solution.

[ Key words] big data; governance capacity ; movement of people

0 51 & AT RGeS B T\ —AALBOs i 55-F-

2013 4F, (b e T e iRk s A T
R IR ERE ) v i A P < A 2 v B AE A 1
bl R a8 LN R G e e S S RS
ST 36 v R (o 4k 2 2 SO H 0F [ TR BRAR R
FNHELRE ) AR 25 F K R e ) B 4
H IR 5 36 [ R (£ 3 ORI ek 34
R R TR B RE S B IL A B H AR, 213RAT15E
ST — ET AR, 7R 45 T o S SR ol A s A
WS B R 3 = O = F 4R, & T T B A5
ARSI E K36 PLA R ORIG BLAE S AR AL
P58 E IR ERRE ) B ) B AR, SRS
BUM G EERE I B AL . R THBUR AR 2 RE
A BGEAR IR 3R = BUN BN F IR | 3R 7K
LR B VR B A R, OB A AT £
R K, WBUR A TR RESST1 BAt 28
i VR, I MO R I DR P | R B AR
WU BB (5 B St T B A AR e

SERBIE S BRI FH BT A S, st ok KB +
TRRESHIT, SEBUAH S HE (1 RE ALV T, $2 7+ 8,
A BB P RS A 4 ARG e, RS i, A
HE PR s ) I B v R 3 B
1 KREERARABMEERENNEREE

B IA FEAE S BACALAE COVID-19 FEF I E] Y
— AN BRI X B3O B0 ) SIS A ARG A
TERE Sy, 2 0 e & R, AR 0 [ Y N B
SRR, AR T BB B A R TG A
i, Bk i %42 i & 1% B A 2013 4E 1) 207531 J5 A
W] 2018 £ 1Y 331740 T3 A, 2019 4F 1-10 H 5y
NEHh 312616 J7 N ARG K%K 8.13% . A
HIRFE TR B2 COVID-19 “Blifefas s TAEH k4
KRS, £ b7 BURFRR# il 5 19 45 350 B 4 BUR #R
T BN 5L B KB 1) S

(D) IRFHEUEERE TR, <P fsRe” T
YEME SRR R 467 0 2R, A %R

EE® T : 4 3 (1979-) 55 L, e AR, 25T Iy 1) R AP  RGOIT RS,

Y fs BHA . 2020-03-08

of ARIF ML K ) @ ARH RS A




55

A RBUEAESLTHBUR A BERE 1 75 T AR R —— LI S Sl BE J1-F- 5 BT A 91 105

e 2 AR B I S A DU KU, 25 B R T ) A
BEA MR AR R N W B N B s fE A
PEATH R BRI SR N EE R 55, Il s ] Jl A
FWge A . 4 A5 DX DA XA SR T 8 7
AAFEICTAE, R 2 H AR 255 XA 5
R BARBIE R, LUE TSRS B £, S w1y
PEPERE TARROCR WD BENR I U N B, 4 J 2 155
8

(2)RTHEETARRE I BT 2L, 15 Ml DX IR By I
P RERT A AR A0 R RN BRI s ARG
B TAE . R H X (HB & BRAE) SR B LA
DX G B T AR S TSR | 3l 1 S e
LATHIR G0 T7 AT N B C S HR A 38 T
RS2 AT B iR SRR 22 B v A
0 IR R BT S A BRI T AR b TAFRE
JIAREWE & TAERY R 2,

(3) 4 b it R BB T BT 2L 2% SBU £ il
SE BRI AR B D AL | R IC K TN o 4 S A O
BRI, s ZEN DL 31 KB 1 52 i A A2 40 45
SRR S BRI E A AT X1 75 BB AT e
T3 B AR 53 Ar RE T oA i vy O St 4 S v £ T
HUR I BERE 1 AR B P 1 TARIE T
2 REERFAHSIGEE NN A

> RS A e 3 F RPN B ARl L A

G [E G AR N 2V BAR 2R ) I S H B A 4
“E g his HREE N TR RE . st B SR T8
AR FESENE W o3 B e 2 IR B4 ROE | EIRIE T
ST AT AR AR S B A B
BRI RE 71 5 72815 101 6] (% 10 FH A 461 36 e 5 i
UFE B KB 7E UM 1A BLRE 3 T 07 TH S HEAE A

N G B R B I i 55 5 38 e B Uk
BT R A T B, AR B T ] A
M RS R ELEG I A M 1) SR R AR AS B 1 R B
Pt o3 A A2 T L A& G855 BB 1 TSy RS T
N BRI S G B B nT Ak SR, R S A I
IF ] 2 A T O B R 4 B BUOR AR L 11 15 P b AR Al
BEL
21 ARRFEBERIEIT,

N B3 BN R BRI IR 551 65 >R P 3B 3%
TH(DDD) ", A 55 7 R O 1, TR 55
FEZRETTT) | 0 20 45 T IR 45 AE B 22 0] ) 8 A e
T B RS E Tk AT AR R O R i Al
R g A AR S A B 1Y 0 B RN AE B e
TR AR KA G B R K
TEBHE ) TAER TG 2 SR HERBAR 4B 3R S %
G M TIAL S R T RE , B D25 BUM R T IRG T 3R, 12
T BOR SRR S N T W %, A6
FARLFG I E 1 FiR,

E1 FaEEAREN
Fig .1 The technical architecture of the platform
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Tab. 1 The table of data resource
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Fig .2 Big data analysis framework
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