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Cancer classification research based on biological pathway
ZHANG Qiaosheng'"?, LI Jie'

(1 School of Computer Science and Technology, Harbin Institute of Technology, Harbin, 150001, China;
2 College of Science, Heilongjiang Bayi Agricultural University, Daqing, 163319)

[ Abstract] Despite the success of gene biomarkers’ s use, they have not been exempt of problems. Specifically, one major
drawback of multi—gene biomarkers is that they often lack proper interpretation in terms of mechanistic link to the fundamental cell
processes responsible for disease progression or therapeutic response. The other major drawback is that these gene signatures have
been challenging to reproduce, particularly in heterogeneous diseases such as cancer. Accordingly, this paper proposes a
classification method based on biological pathways. The experimental results show that the proposed method outperforms the gene—
based classification algorithm.
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Fig. 1 The principal curve learned for the apoptosis pathway on

the colorectal dataset(®!
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Fig. 2 Performance comparison between the two methods
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