2019 &£ 11 A
Nov. 2019

$9%5 FoHf 2 it E N5 & A

Vol.9 No.6 Intelligent Computer and Applications

FES> kS TP18 XkERER: A

8 4eL ia] ) 1 Bl B 3%

FEKF, 5k F, X &
(BREIWAZE HENRZESHEARZR, BRIE 150001)

W OE. PRI T, AT BENS IE AR B S R A Ay E B AR RSN A S AR R, T B A X T 2R [ i
B SCHLR IR AT HEA T AR SRS VA —fh A 38, DU 25 X6 e 4 R 5 S 8 R — AN S 3R T, Wbtk AR SR IR T — i dk
TR 2T 1 [l A AR B J BUR A | ESCHE S A8 2 B4 AE A BB, R 9T T AR N (9 Dy 58, AR SCANBT P M 5 A Jr T 4 B
T ARSI B RFAE , 4 FLRE FR B A AR i B AR rh , SCIR 2 IR SR 12O WA RB RS ZE A MY TR R RS A A B 4
R, FAEIREIT 83%,

KEEIA . ARMUEE ; [l HLES2:

Research on the identification of similar queries

XEHS: 2095-2163(2019)06-0041-04

YIN Qingyu, ZHANG Yu , LIU Ting
(Information Retrieval Lab, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] For a search engine, it is important for it to understand the queries from users correctly. Therefore, in the process of
query understanding, to identify the similarity of different queries at the semantic level and then generate similar answers can bring
much more better results. In this paper, we propose a machine learning method that identifies the similarity of queries. We propose
5 kinds of features and then apply these features for the classifying process. Experimental results show that our method achieve great

performance in the dataset and the F—score is 83%.
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Fig. 1 Process of the crawler
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Tab. 2 Experimental Results
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