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Disfluency detection with self-attention network
WU Shuangzhi, ZHANG Dongdong, ZHOU Ming
(School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)
[ Abstract] Disfluency detection is a very important technique in simultaneously speech translation. It aims at detecting the
repetition, redundancy, pauses in the spoken languages to make the text more fluent and readability. In this paper, we propose a self

—attention—based detection method. We leverage the self—attention to encode the spoken sentences, based on which disfluent words
are detected. We conduct experiments on the public dataset and the results show that our method can effectively detect disfluencies in

spoken language.
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Fig. 2 The self—attention based disfluency detection model
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