2019 &£ 11 A
Nov. 2019

$9%5 FoHf 2 it E N5 & A

Vol.9 No.6 Intelligent Computer and Applications

X EHE. 2095-2163(2019)06-0107-04 FE S, TP311.52 XHEkERER . A

£F ONN AR IR BRI gk 3 4 1R 247 A DR 5

EEA', RINE, HFEE', TiEXR
(1 #AEaEEEERL 22, 4T #0IE 411100; 2 #EKZFE, Kb 410082)

M OE: AR R T BB M4 CNN ORI 208 R T o B AL A BR AT 40T . SR UER £l
A R 22 190 2 TR 2 2T HE SRS BN I IR BERFAE | A4 SR FE 2 20 IS R A2, 5 i A IR , AR LG A% 8 1 N AR A
FEAESR IR, FACHR i AR R %, 2 A R AT S PRU B3 T LA TE A W 25 A (R ER A A TR, R TR PN SR AR
ST A RO, D)L S O B R
KR BRI MLE s NIRRT BRa17 44
Analysis and research on college students” classroom behavior
based on CNN face recognition model
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(1 Hunan Vocational Institute of Software, Xiangtan Hunan 411100, China; 2 Hunan University, Changsha 410082, China)

[ Abstract] There are many studies on the face recognition model based on Convolutional Neural Network (CNN), and the
technology is very mature. However, few scholars have applied CNN face recognition model to the study of college students”
classroom behavior analysis. Therefore, this paper proposes a CNN face recognition model based on Convolution Neural Network,
and applies this model to the classroom behavior analysis of students in higher vocational colleges. Experiments show that the
Convolutional Neural Network deep learning framework is used to extract face depth features, construct a deep learning face
recognition model, and complete face recognition. Compared with the traditional manual design of face feature extraction, it greatly
improves the accuracy of face recognition. The recognition algorithm of students” classroom behavior can correctly judge students”
classroom behavior, which could provide a basis for classroom teaching evaluation, achieve more effective teaching and effectively
improve teaching quality.
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Fig. 1 CNN network model
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Fig. 2 Face recognition network structure
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Fig. 3 Flow chart of concentration judgment
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Fig. 4 Eye positioning process
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Fig. 5 Focus on classroom test results
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