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[ Abstract] Aiming at the specific location and path planning problem of complex maze environment, a particle filter algorithm
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based on hidden Markov model is proposed. The method uses the probability calculation of the hidden Markov model, the particle
filter algorithm time lapse, observation, sampling strategy, infers the most likely range of the target, and captures the target through
[ Key words] path planning; HMM ; particle filter

the A" algorithm. The simulation results show that compared the common probability calculation target position, the target position
forming the shortest path calculated by the particle filter algorithm is reduced of the total number of steps.
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