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Screening of early biliary atresia in infants based on convolutional neural network
WAN Zhiyong, ZHOU Xiao“an
(College of Information Engineering, Shenzhen University, Shenzhen Guangdong 518000, China)

[ Abstract] Biliary atresia is one of the most serious liver diseases in infancy, and its early screening method is mainly stool
colorimetric card. In order to screen early infant biliary atresia more accurately, a convolutional neural network based screening
method for early infant biliary atresia is proposed. Firstly, get the early infant“s stool image by the camera, then do some
preprocessing on the acquired image, finally, classify and recognize the acquired image by training convolution neural network
model and adjusting the parameters, and obtain high accuracy. Experimental results show that the proposed method is more effective
than the traditional recognition method to improve the recognition accuracy.
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Fig. 1 Stool color card
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Fig. 2 Video calibration result
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Fig. 3 Overall structure of articles
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Tab. 1 The results compared with previous models
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Fig. 4 Convolution network model structure
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