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Student performance evaluation based on global center clustering algorithm

DUAN Guigin
(Depart. of Computer Science, Guangdong Songshan Polytechnic, Shaoguan Guangdong 512126, China)

[ Abstract] In view of the difficulty of students” performance evaluation caused by the difference of curriculum difficulty, a new
method of student performance evaluation based on global center clustering algorithm is proposed. Firstly, the sample set is pre—
processed by min-max normalization method. Then, the global center algorithm is used to cluster the students scores of many
courses. Finally, the internal evaluation index CH is used to evaluate the results of multi—group clustering, and the optimal clustering
number and optimal clustering partition are obtained. Through the cluster analysis of students’performance in a university, the results
show that the method can effectively mine the distribution of students” scores in many courses. It can provide a new idea for the

implementation of personalized teaching.
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Fig. 1 Student performance clustering flow chart
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Tab. 1 Original student grade

Eas) JAVA CHEEDI 4R HTMLS
1 68 68 60
2 50 60 78.8
3 84 77 75.2
4 82 64 39.2
5 66 64 64.4
6 72 70 70
7 60 52 60.4
8 73 67 62.8
9 96 93 62
10 81 83 60
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Tab. 2 Student grades after pretreatment

Ea5 JAVA C#BIEVIR AR HTMLS
1 0.46 0.46 0.55
2 0.12 0.32 0.80
3 0.77 0.61 0.75
4 0.73 0.39 0.28
5 0.42 0.39 0.61
6 0.54 0.49 0.68
7 0.31 0.19 0.56
8 0.56 0.44 0.59
9 1.00 0.88 0.58

10 0.71 0.71 0.55
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Fig. 2 CH indicator for different k values
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Fig. 3 Distribution of each cluster sample when k=3
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Tab. 3 The central point distribution of each cluster after

standardization
JAVA  C#EURVIREAR  HTMLS
I 0 0.24 0.55
I 0.96 0.92 0.98
111 0.83 0.32 0
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